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The scientifc journal News of the National Academy of Sciences of the Republic of Kazakhstan,
Series of Geology and Technical Sciences has been indexed in the international abstract and citation
database Scopus since 2016 and demonstrates stable bibliometric performance.

The journal is also included in the Emerging Sources Citation Index (ESCI) of the Web of Science
platform (Clarivate Analytics, since 2018).

Indexing in ESCI confrms the journal’s compliance with international standards of scientifc peer
review and editorial ethics and is considered by Clarivate Analytics as part of the evaluation process
for potential inclusion in the Science Citation Index Expanded (SCIE), Social Sciences Citation Index
(SSCI), and Arts & Humanities Citation Index (AHCI).

Indexing in Scopus and Web of Science ensures high international visibility of publications,
promotes citation growth, and refects the editorial board’s commitment to publishing relevant,
original, and scientifcally signifcant research in the felds of geology and technical sciences.

«KasakcTaH Pecnybnukacbl ¥1TThIK FbiibIM akafeMusicbiHblH, Xabapnapbl. [eonorvs >kaHe
TeXHUKaNbIK fbilbiMAAp CEpPUACHI» FbilbiIMU >KypHasbl 2016 >KbingaH 6acTan xanbikapablk
pethepaTVBTIK >KaHEe FbINbIMUMETPUSbIK SCOPUS LePeKKOPbIHAA WHAEKCTENedi »<eHe TypaKTbl
616MMoMe T pUSNbIK KepCeTKILITEPAI KepceTin Keneai.

CoHbiMeH kaTap >kypHan Web of Science nnaTdopmacbiHbiH (Clarivate Analytics, 2018)
XanblkapasiblK pethepaTUBTIK XKaHe HayKOMe T pusiniblk Aepekkopbl Emerging Sources Citation Index
(ESCI) Ti3imiHe eHrisinrex.

ESCI fepekkopbIHAa MHAEKC TNy XKYpHaNAbIH XaNblKapablK FbibIMU PeLieH3uanay TananTapbl
MeH pefaKuusbIK 9TIKa CTaHAap T TapblHa CalikeCTiriH pacTaiigbl, coHfaii-ak Clarivate Analytics
KoMnaHusicbl TapanbiHaH 6ackiibiMabl Science Citation Index Expanded (SCIE), Social Sciences
Citation Index (SSCI) >kaHe Arts & Humanities Citation Index (AHCI) gepekkopnapblHa eHrisy
KapacTbipblnya.

Scopus >kaHe Web of Science [fepekkopnapbiHAa WHAEKCTeNyi >KapusnaHbiM4apabiH
Xanblkapanblk AeHreiige »Kofapbl CypaHbIiCka e 60nyblH kKaMTaMachl3 eTefi, onapiplH LoieKces any
KepCeTKILITePiHiH apTyblHa biKNan eTesi >KaHe pefakunsablk ankaHblH reonorns MeH TexHUKabIK
FbINbIMAAP CcanacblHAaFbl ©3eKTi, Gipereil ><aHe fbiNbiIMU TYPFblAaH MaHbI3Abl 3epT Teynepi
>Kapusinayfa YMTblbICbIH aliKbIHAARAbI.

HayuHbliii >kypHan «News of the National Academy of Sciences of the Republic of Kazakhstan, Series
of Geology and Technical Sciences» ¢ 2016 roga vHAeKCUpyeTCA B MEXKAyHapOAHON pedhepaTyBHON
1 HAyKOMETPUYECKOii 6ase AaHHbIX SCOpUS W LEMOHCTPUPYET CTabuibHble GubanomeTpuyeckie
noKasaTe/u.

YKypHan Tak>Ke BKNOYEH B MeXKAYHAPOAHYI0 pethepaTVBHYHO 1 HAYKOME T PUYeCKYHo 6a3y AaHHbIX
Emerging Sources Citation Index (ESCI) nnaTdopmbl Web of Science (Clarivate Analytics, 2018).

WHpoekcuposanne B ESCIl  nogTeepXKpaeT COOTBETCTBME >KypHana MeXKAyHapOoAHbLIM
CTaHfapTaM Hay4HOro peLeH3npoBaHUs W PefakLMOHHOM 3TUKKM, a TakXKe paccmaTpuBaeTcs
komnaHvein Clarivate Analytics B pamkax fanbHeliLuero BkioueHns nsgaHus B Science Citation Index
Expanded (SCIE), Social Sciences Citation Index (SSCI) n Arts & Humanities Citation Index (AHCI).

WHpoekcupoBaHne B Scopus M Web of Science obecneunBaeT BbICOKYO MeXKAyHapOLHYHO
BOCTPEOOBAHHOCTb  MybnMKauwii, cnocobCcTBYeT pPOCTY UMTUPYEMOCTW UM NOATBEP>KAAET
CTpemneHne peaakLUyoOHHOl Konnery ny6nmkoBaTb akTyasbHble, OPUrMHaIbHBIE U HAYHYHO 3HAUNMble
1ICCNe0BaHNA B 061ACTY reonormm 1 TeXHUYECKNX HayK.
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Abstract. Relevance. The article focuses on the geospatial analysis of water
resources of the Big Almaty Canal in the Almaty Region of Kazakhstan. The study
area is characterized by a diverse landscape, including mountains, hills, valleys,
combined with a continental climate featuring hot, dry summers, cold winters,
moderate autumns, gradually warming springs. Summer precipitation is limited,
generally not exceeding 40 mm, while winter snow accumulation in the surrounding
mountains plays a key role in replenishing water resources and supporting irrigation.

Originally, the Big Almaty Canal was constructed to irrigate approximately
174.6 thous.ha of agricultural land. However, due to socio-economic changes,
climatic variability, and inefciencies in water management, the irrigated area has
decreased to around 80 thousand hectares. The existing water management system
faces challenges related to water shortages, uneven distribution, and suboptimal
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use of irrigation potential. Purpose. This study explores the application of remote
sensing techniques to improve water use efciency and support sustainable
irrigation planning.

Methods. Satellite imagery from Sentinel-1, Sentinel-2, and Landsat-8/9,
combined with feld observations and historical water use data, was applied to
assess irrigated lands, classify crops, analyze the water balance. The study identifes
geospatial patterns in water resource distribution, evaluates irrigation efciency,
provides recommendations for optimizing water use while accounting for the
district’s climatic and topographical characteristics.

Results and conclusions. Spatial analysis of actual evapotranspiration (ETa)
revealed that calculated water requirements were lower than tabulated values
used by BAC (FAO method), while demand-supply assessment indicated a spatial
overabundance of water in several areas. Crop coefcients derived from spatially
distributed ETrF were lower than FAO standard Kc values. Backscatter analysis
showed signifcant correlation with NDVI, enabling assessment of crop growth
stages. Integrating NDVI and SAR backscatter data provides a comprehensive
spatial understanding of crop development, enhancing crop monitoring, yield
estimation, and precision agriculture practices, and ultimately supporting informed
landscape-level decision-making in water resource management.

Keywords: geospatial analysis, remote sensing, water resources, climate, crop
water demand, irrigation eFciency
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AHHOTaumsa. ©3ekTiniri. Makana KasakCTaHHbIH, AfiMaTtbl 06/bICbIHAAFbI
Y ikeH ANMaTbl KaHaslbIHbIH, Cy PeCypCTapblH FreOKKEHICTIKTIK Tanjayfa apHaFaH.
3epTTeneTiH aiMak apTypAi NaHAWwadTbIMeH cunaTTanagsl: Taynap, Tebenep, 63eH
aHrapnapbl XaHe bICTbIK, KypFak »a3bIMeH, CyblK KbICMEH, XXyMCaK Ky30eH XaHe
GipTiHAEN XbIIbIHATBIH KOKTEMMEH CMNaTTafaTblH KOHTUHEHTTIK KIUMMaTKa wve.
YKasfbl XKayblH-LalbIH LWeKTeyni, ageTTte 40 MM-[eH acnaigpl, an Taynapgarbl
KbICKbI Kap KaNbIHAbIFbI CY KOP/apblH TO/bIKTbIPaAbl XaHe cyapy YLUiH MaHbI3abl.

bacTtankpiga YkeH Anmarbl KaHasibl wamameH 1746 MbiH ra aybin
LIapyallblbIFbl XXep/epiH cyapyMeH KamTamacbl3 eTkeH. Anainfa, aneymeTTik-
9KOHOMUKa/IbIK ©3repicTep, KAMMATTbIK KyOblIMAbINbIK X8He Cy pecypcTapbiH
backapyaafbl KeMLUIMIKTep HATWKECIHAE CyapbliaTblH ep KesieMmi LiamameH
80 MbIH ra-fa feiiiH Kbickapfbl. KongaHbiCTafbl Cy nainfanaHy >Kyiheci CyfbiH,
XeTicneywwiniri, TeH, 6eniHbeyi XoHe cyapy NOTeHUMa/bIH TWiMCI3 naviganaHy
CUSKTbI Macenenepre Tan 6onygabl. MakcaTbl. Byn 3epTTey TuimMai cy nanganaHy
XoHe TypakTbl Cyapy >KOCMapblH >acay YLiH KaLbIKTbIKTaH 30HATay 8AiCTepiH
KOMAaHyabl KapacTbipazbl.

opicTepi. CyapblnarbiH Xepnepai 6aranay, fakplngapabl Knaccugukaumanay
XoHe cy 6anaHcbiH Tangay yuwiH Sentinel-1, Sentinel-2 >xaHe Landsat-8/9
CNYTHUKTIK [JepeKTepi, ankanTblk Oakblnaynap >XaHe Tapuxu Ccy nanganaHy
JepekTepi KongaHbingbl. 3epTTey Cy pecypcTapbiHblH FEOKKEHICTIKTIK yArinepiH
aHbIKTayFa, CyapyablH, TMIMAINIriH 6aFanayfa, KNMMATTbIK XXaHe TONorpapusnbik
Xaffainnapgbl eckepin, cyabl NaganaHyabl OHTannaHabIpy 60MbIHLA YCbIHbICTAP
Kacayfa MyMKiHAiK 6epefi.

HaTw>Kkenepi MeH KOpbITbIHAbINGpLl. HakTel OynaHy (ETa) KeHICTIKTIK
Tangaybl KepceTkeHfen, ecentenreH cy kaxkeTTiniri BAC (®PAO agici) kectenik
MaHJepiHeH TOMeH, an CypaHbIC MNeH YCbIHbIC Tangaybl Kelbip aiMakTapga CyablH
apTblk 60MybIH aHblKTafbl. ETrF HerisiHge ecenTenreH gakbl1 KOaphuuneHTTepi
®AO cTaHfapTTel Kc MaHAepiHeH TemeH 6onfbl. PaauMonokaumanbik  Kepi
Wwawblpay Tangaybl NDVI-neH aitapnbikTali Koppenauus KepcetTi, 6yn
[aKblaapablH ecy catblnapblH 6aFanayfa MymKiHAiK 6epegi. NDVI xxaHe SAR
[lepekTepiH OGipiKTipy AakbligapablH LamyblH KelleHAi reoKeHICTIKTIK Typae
TYCIiHYre, MOHUTOPWHT A8NAITIH, eHIMAINIK 6aFanayibl XaHe eriH wapyaLlbi/blfbl
ToXIpnOeCiH XakcapTyFa, NaHAWaTTblK AeHreige cy pecypcrapbiH 6ackapyabl
Heri3ai Xyprisyre MyMKIHAiK 6epegi.

TyWiH ce3fep: reOKeHICTIKTIK Tangay, KalblKTaH 30HATAY, Cy pecypcTapsbl,
KNMMaT, AaKblNgapablH Cy KKETTINIr, Cyabl Nakganany TMimginiri
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AHHOTauusA. AKTyanbHOCTb. CTaTbs NMOCBALLEHa reornpocTPaHCTBEHHOMY aHa-
N3y BOAHBIX pecypcoB bonbLIoro A/IMaTMHCKOro KaHana B AJIMaTUHCKOM 061acTu
KasaxcTtaHa. Tepputopus XapakTepusyeTca pa3Hoo6pasHbIM NaHALLadTOM ropamu,
XO/IMaMu, LOIMHAMU, Y KOHTUHEHTA/IbHbIM KMMATOM C XapKUM, CYXUM NEeTOM,
XONOAHOI 3UMOIA, YMEPEHHOI OCEHbIO U NOCTENEHHO TEN/etoLLeli BECHO. JIeTHMe
0CafiKvi OrpaHnyeHbl 1 00bIYHO He NpeBbIWatoT 40 MM, TOrAa Kak 3MMHUIA CHEXHbIN
MOKPOB B ropax BOCMO/IHAET BOLHbIE PECYPChI U NMOLAEPXKMBAET OPOLLIEHME.

MepBOHaYanbHO kKaHan obecreynBas OpoLLEeHMe 0Koo 174,6 ThiC. ra CefibCKo-
XO3AMCTBEHHbIX 3eMeNib. BcneAcTBMe COLMaNbHO-3KOHOMUYECKUX W3MEHEHUM,
KIMMaTUYECKON N3MEHUYMBOCTM N HELOCTATKOB YNpaB/ieHNst BOAHbIMI pecypcamu
opoLLaemas nsoLlaas cokparuiack Ao npyumMepHo 80 Thic. ra. CylllecTBytoLLas cuc-
Tema BOZOMO/b30BaHUA CTA/IKMBAETCA C NPOo6/1eMamMn HeXBaTKW BOAbI, HepaBHO-
MEPHOr0 pacnpefenieHnss 1M HeoNMTUMA/IbHOr0 WCMO/b30BaHNA  UPPUTaLVOH-
HOro noteHuuana. Llenb. WccnepgosaHne paccmarpuBaeT MpYIMEHEHVWE METOAO0B
[AVCTaHUMOHHOIO 30HAMPOBaHWUA NS MOBbIWeHUA 3((eKTUBHOCTM BOLOMO/b-
30BaHNA N YCTONYMBOIO NAaHMPOBaHNSA UPPUraLmn.

MeTogpl. [1/19 OLeHKM OpOLLaeMbIX 3eMeflb, KNacCunkauuy KybTyp 1 aHanmsa
BOZHOro 6anaHca MCrosb30BaIMCh CMYyTHUKOBbIE AaHHble Sentinel-1, Sentinel-2 n

35



ISSN 2224-5278 1.2026

Landsat-8/9, nonesble HabMOAEHNS N UCTOPMYUECKIME [JaHHbIE O BOAOMNOTPEBAEHUN.
VccnepoBaHuie BbISBNAET re0NpoCTPaHCTBEHHbIE 3aKOHOMEPHOCTU pacrpesenieHns
BOAHbLIX PecypcoB, OLIEHMBAET 3P(EKTUBHOCTbL OpPOLWeHUs W1 (opMynnpyeT
peKkoMeHJaumMmn no onTUMMU3aLLMN BOLOMO/b30BaHUS C YUETOM KIMMATUYECKUX U
Tonorpaguyeckmx yCnoBuia.

Pe3ynbTaTbl ¥ BbIBOAbLI. [pOCTPAaHCTBEHHbLIN aHan3 (PaKTUYeCKOM 3Baro-
TpaHcnupaumn (ETa) nokasan, 4To paccyMTaHHas NOTpebHOCTb B BOAE HUXKE
TabnMuHbIX 3HadyeHnin BAC (meTogq PAO), a aHanm3 crnpoca v NpeanokeHus
BbISBW/ JIOK&/IbHOE MPEBbLILIEHNE BOAHbIX PecypcoB. KoapduLmeHTbl KynbTyp,
paccunTaHHble no ETrF, Hyke ctaHaapTHbIX Kc @AO. AHanns pagnonokaumoHHOro
06paTHOro paccesHUs nokasan 3Hadumyto koppensumio ¢ NDVI, nossonss
oUeHMBaTb CTaamMmn pocTa KynbTyp. WHTerpaums NDVI n SAR o6ecneunBaeT
KOMIM/IEKCHOE MPOCTPaAHCTBEHHOE MOHWMAaHWEe pPa3BUTWUA TOCEBOB, MOBbLILLAET
TOYHOCTb MOHWUTOPUHIA, OLEHKM YPOXaNHOCTM U NPaKTUK TOYHOIO 3eMJiefenus,
noaJepxvBas 060CHOBaHHOE YrpaB/ieHye BOAHbIMU pecypcaMu Ha laHALwaqTHOM
YPOBHE.

KntoueBble cnoBa: reonpoCTpaHCTBEHHbIN aHains, AUCTaHUMOHHOE 30HAW-
pOBaHvie, BOAHbIE PeCYpCbl, KMMaT, BOLOMOTPEOHOCTb Ky/bTyp, 3PMEKTUBHOCTb
NCMoNb30BaHNA BOAbI

Introduction. Due to the arid and semi-arid climatic zone, the main part of
South Kazakhstan agricultural lands need irrigation water systems. The area of the
research is Karaturuk region, which belongs to the irrigated area of the Big Almaty
Canal shown in Fig.1. The Big Almaty Canal was built in the 1980s to irrigate
croplands for 174.6 thousand ha, the length of the canal is 168.2 km. The current
irrigated area was reduced to approx. 80 thousands ha due to diferent social-
economic and climatic reasons. One of the main gaps that the water department
of Big Almaty Canal has is water use planning for irrigation using remote sensing
inputs. The crop inspection is done by feld work. Water use plan is based on the
farmers orders, reports and feld measurements. The research authorities experience
the problem of defcit supply or underutilization of created irrigation potential every
year. With this background, the present work is taken up to explore the potential of
remote sensing in improving the water management in the irrigated command area
of Big Almaty Canal project.
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Figure 1 — Location of the Big Almaty Canal

Literary review. Irrigation water management plays a crucial role in agriculture,
ensuring efFcient water use and sustainable crop production. Understanding
the water requirements of crops is fundamental to efective irrigation water
management. Crop water use depends on factors such as crop type, growth stage,
climate, soil type, and management practices. Evapotranspiration (ET) models,
such as the Penman-Monteith, Makkink-Advection equations, are widely used to
estimate crop water requirements and guide irrigation scheduling (Cruz-Blanco et
al., 2014).

Various irrigation scheduling techniques are employed to optimize water use
and improve crop productivity (Ahmed et al., 2023). These include soil moisture-
based methods using sensors, such as tensiometers or capacitance probes, as well
as plant based methods that consider crop water stress indicators, such as leaf water
potential or canopy temperature. Additionally, weather-based methods utilize
meteorological data to estimate crop water requirements.

EFcient water delivery systems are crucial for efective irrigation water
management. Conventional methods, such as surface irrigation and sprinkler
systems, have been widely used. However, more advanced techniques, including
drip irrigation and precision irrigation, have gained popularity due to their ability
to deliver water directly to the plant root zone, minimizing losses and maximizing
water use efFciency (Yingshan et al., 2024).

Advancements in technology have revolutionized irrigation water management.
Sensor-based technologies, such as soil moisture sensors and weather stations,
provide real-time data for accurate irrigation scheduling (Obaideen et al., 2022).
Remote sensing techniques, including satellite imagery and aerial drones, enable
monitoring of crop water stress, evapotranspiration, and irrigation e®ciency at
larger scales. Studies about spatial and temporal distribution of reference (ETo)

37



ISSN 2224-5278 1.2026

and actual evapotranspiration (ETa) estimation, crop water requirement and water
supply risk during long period of time show the potential of using remote sensing
inputs for water irrigation management in arid regions (Mahmoud et al., 2019;
Shen et al., 2013).

Water scarcity and environmental concerns have prompted the development
of water conservation strategies in irrigation water management. These strategies
include defcit irrigation, which involves deliberately applying less water than the
crop’s full requirement during non-critical growth stages. Additionally, water-
saving techniques, such as mulching, crop rotation, and precision irrigation, are
employed to minimize water losses and optimize water use (Gabr et al., 2024).

Irrigation water management faces challenges such as water scarcity, climate
variability, inadequate infrastructure, and farmer knowledge and adoption barriers.
Overcoming these challenges requires a multi-faceted approach, including policy
interventions, capacity building, improved infrastructure, and the use of advanced
technologies. Integrated water management approaches, such as the use of smart
irrigation systems and decision support tools, can also enhance water use eciency.
One proposed adjustment involves lowering the installation depth of the lateral
lines. This modifcation aims to improve the efectiveness of water delivery to
the plant roots by siting the irrigation system at a shallower depth. By doing so,
it is possible to minimize water losses resulting from evaporation or excessive
percolation, thereby enhancing water use efciency (Ayars et al., 2006).

Sustainable irrigation water management is essential for long-term agricultural
productivity and environmental stewardship. Eforts are being made to develop
innovative approaches, including precision irrigation, site-specifc management,
and the use of smart systems driven by artifcial intelligence and machine learning
algorithms. These advancements aim to optimize water use, minimize environmental
impacts, and enhance overall irrigation e¥Fciency (Lakhiar et al., 2024).

Irrigation water management is a critical aspect of agricultural production,
ensuring efcient water use and sustainable crop growth. By employing
appropriate irrigation scheduling techniques, adopting advanced technologies,
and implementing water conservation strategies, farmers can optimize water use,
increase crop yields, and mitigate environmental impacts. Continued research and
innovation in irrigation water management are crucial for addressing challenges
and achieving sustainable agricultural practices.

Materials and methods. For the pilot project a command area of 6,000 hectares
located in the Karaturuk region (Fig. 2) was taken to do our research and analysis
to fnd out potential use of remote sensing inputs to improve irrigation water
management.
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i I Study Area Command Area Identifiend Crop Type

Figure 2 — Command area in Karaturuk region

According to the farmers table record for 2022 dominant crop types which are
cultivated in the command area are: Alfalfa (35,17%), Maize (33,17%), Orchards/
Apples, (24,97%). Farmers follow the crop calendar which is common to South and
South-East Kazakhstan. Sowing period starts from the end of March-beginning of
April, harvesting period is the end of July-August.

The Big Almaty Canal in Enbekshikazakh District and is located in the Almaty
region of Kazakhstan. Enbekshikazakh District is situated in the southeastern part
of the Almaty region. It is bordered by the Almaty region’s Talgar District to the
west and the Almaty District to the north. The district also shares borders with
Kyrgyzstan to the south and China to the southeast. The area is characterized by a
diverse landscape that includes mountains, hills, and valleys.

Enbekshikazakh District experiences a continental climate. According to the
meteorological Data from CERES/MERRAZ2 and Persiann Precipitation models
shown in Fig.3 summers are generally warm and dry, while winters are cold.
Summers are generally warm, with average temperatures ranging from 20°C to
27°C. It can get hot during the day, especially in July and August, with temperatures
occasionally exceeding 35°C. The region receives relatively low precipitation
during the summer months up to 40 mm. Autumn (September to November) brings
cooler temperatures, with average highs ranging from 10°C to 20°C in September
and dropping to 0°C to 10°C by November. The amount of rainfall increases
during this season. Winters (December to February) in Enbekshikazakh District
are cold, with average temperatures ranging from 0°C to -10°C (14°F to -4°F). The
area experiences snowfall, and the mountains surrounding the district are often
covered in snow. Spring (March to May) is characterized by a gradual increase in
temperatures. March is still cold, with temperatures ranging from 0°C to 5°C, but
by May, the average highs reach 15°C to 25°C. Precipitation levels start to decrease
in the spring.
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Figure 3 — Graphs of Meteo Data

The soil composition in Enbekshikazakh District can vary, depending on the
specifc location and elevation (Pachikin et al., 2014). The region encompasses
diferent soil types, including. Chernozem soils are characterized by their high
fertility and dark color. They are rich in organic matter and nutrients, making them
suitable for agriculture. As the district includes mountainous areas, there are various
mountain soils found at diferent elevations. These soils are infuenced by factors
such as slope, parent material, and climate. Solonchaks are saline soils that contain
high levels of salt. They are typically found in low-lying areas with poor drainage.
Sierozems are soils with a relatively high clay content. They can vary in fertility
depending on their drainage and organic matter content.

Methodology. The research methodology is illustrated in Fig.4 as a Flow Chart,
which presents the main stages of data collection, processing, and analysis used in
this study.

Spatial Models/ Softwares

Non-spatial

- Sentinel 1-2 - Crop type, farmers - QGIS/ArcGIS, Snap
- Landsat 8-9 order, water supply - Cloud Based
- Maps of canal reports Geoprocessing (GEE)
networks - Crop calendar
- Cadastral map - Meteo Data from

CERES/MERRA2

- Precipitation from

Persiann CDR

Figure 4 — Flow Chart of the methodology
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Image Classifcation. Optical imagery of Sentinel-2 was used for image
classifcation. Image series from the period of March and September was used.
Optimal method combining feld samples is unsupervised classifcation k-means
due to few feld samples with the pure crop classes and irrationally scattered among
study area.

Unsupervised classifcation is a widely used technique in image analysis and
pattern recognition. The K-means algorithm is one of the most popular methods for
unsupervised classifcation due to its simplicity and efciency.

The K-means algorithm is an iterative clustering technique that aims to partition
a dataset into K distinct clusters, where K is a user-defned parameter. The method
operates by iteratively assigning data points to the nearest cluster centroid and
updating the centroids based on the mean values of the assigned points. The process
continues until convergence is achieved (Abbas et al., 2016).

One of the key strengths of the K-means method is its simplicity and
computational efciency. The algorithm is easy to understand and implement,
making it accessible to researchers and practitioners. It also scales well to large
datasets, making it suitable for processing high-resolution imagery. Additionally,
K-means does not require labeled training data, making it useful for unsupervised
analysis.

K-means clustering has some limitations and challenges as well. One major
limitation is its sensitivity to the initial seed or centroid selection, which can result
in diferent clustering outcomes. The algorithm is also sensitive to outliers and
noise, which can signifcantly afect the clustering results. Another challenge is
determining the optimal value of K, which can be subjective and require domain
expertise.

Output with 20 clusters were validated with the feld data for dominant crop
identifcation and Google Map as reference to identify water bodies, barren lands
and non-crop vegetation. Accuracy Assessment using the merged samples from the
feld data and Google Map showed 0.89 overall accuracy.

Actual Evapotranspiration. Actual Evapotranspiration (ETa) is a measure of
the total amount of water that is lost from an ecosystem through the processes of
evaporation and transpiration. Evapotranspiration is a key component of the water
cycle and plays a crucial role in the redistribution of water in the atmosphere, soil,
and plants (Labedzki, 2011).

Evaporation refers to the process by which water changes from a liquid state
to a vapor state. It occurs when water on the Earth’s surface, such as rivers, lakes,
or soil, absorbs energy from the sun and turns into water vapor. Transpiration, on
the other hand, is the process by which plants absorb water through their roots and
release it into the atmosphere through tiny openings called stomata on their leaves
(Brouwer et al., 1986).

Actual Evapotranspiration takes into account both evaporation from the soil and
water surfaces as well as transpiration from plants. It represents the total water loss
from an ecosystem, including natural vegetation, crops, and other land surfaces.
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The measurement and estimation of Actual Evapotranspiration can be done
using various techniques and tools, such as weather stations, satellite imagery, and
hydrological models. These methods take into account factors such as temperature,
humidity, wind speed, solar radiation, plant characteristics, and soil moisture
content to estimate the amount of water that is being evaporated and transpired
(Brouwer et al., 1986).

Actual Evapotranspiration is infuenced by several factors, including climatic
conditions, vegetation type and density, soil properties, and land use. It is an
important parameter for understanding and managing water resources, agricultural
productivity, and ecosystem health. By quantifying the amount of water lost
through evapotranspiration, scientists and water resource managers can make
informed decisions regarding irrigation scheduling, crop water requirements, water
allocation, and ecological conservation.

Accurate estimation of Actual Evapotranspiration is crucial for sustainable water
management, especially in regions where water resources are limited or prone to
drought. By monitoring and understanding the evapotranspiration processes, it
is possible to optimize water use, improve irrigation e®ciency, and mitigate the
impacts of water scarcity on ecosystems and human activities.

EEFlux (Earth Engine Evapotranspiration Flux) is a variant of the METRIC
(Mapping Evapotranspiration at high Resolution with Internalized Calibration)
model that operates within the Google Earth Engine system. It was developed
through a collaboration between the University of Nebraska-Lincoln, Desert
Research Institute, and the University of Idaho, with funding support from Google.
EEFIux processes individual Landsat scenes from 1984 to the present and covers
nearly all land areas worldwide. It utilizes NLDAS (National Land Data Assimilation
System) gridded weather data in the United States and CFSV2 (Climate Forecast
System Version 2) gridded weather data globally to calibrate the surface energy
balance for each image.

To calculate actual evapotranspiration (ET), EEFlux employs a residual approach
based on the surface energy balance equation: ET is derived as the diference
between net radiation (Rn) and the combined soil heat fux (G) and sensible heat
fux (H). The thermal band of Landsat is used to drive the surface energy balance,
while the shortwave bands are utilized to estimate vegetation quantities, albedo,
and surface roughness.

EEFlux provides valuable information about evapotranspiration at a high
spatial resolution, facilitating the assessment of water usage and vegetation health
over extensive areas. By harnessing the capabilities of the Google Earth Engine
platform, it can efFciently process and analyze large volumes of satellite imagery
and meteorological data.

Crop growth stages are typically categorized into distinct phases, such as
germination, vegetative growth, fowering, fruiting, and senescence. FAO separates
four crop growth stages: initial stage, crop-development, mid-season and late
season.
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Each stage has unique characteristics that can be identifed using diferent
Remote Sensing data approaches.

Normalized Diference Vegetation Index (NDVI) is a widely used vegetation
index derived from remote sensing data, primarily using visible and near-infrared
spectral bands. It quantifes the amount and vigor of green vegetation. During
diferentcrop growth stages, NDV I values change, providing insights into vegetation
health and development. NDVI values are typically low during the initial stages of
crop growth, increase as vegetation cover expands, and reach a peak during the
maximum photosynthetic activity stage. Subsequently, NDVI values may decline
as the crop matures and senescence. By analyzing temporal NDVI patterns, it is
possible to identify and monitor diferent crop growth stages (Berger et al., 2019).

By analyzing SAR images that can also acquire diferent growth stages, it is
possible to develop classifcation algorithms to identify and track these stages. SAR
is an active remote sensing technology that uses microwave signals to illuminate
the target area and measures the backscattered energy to generate high-resolution
images. The backscattered radar signal is infuenced by various factors, including
the properties of the target surface, such as roughness, composition, and moisture
content, as well as the incident angle and polarization of the radar wave. Backscatter
analysis involves the study of these signals to extract valuable information about
the target characteristics and environmental conditions.

In SAR imagery, the intensity of the backscattered signal is typically represented
by diferent shades of gray or color, where brighter pixels indicate higher
backscatter values. By analyzing the variations in backscatter across the image,
important information about the target, such as topography, vegetation, land cover,
soil moisture, and changes over time can be derived.

Backscatter analysis often involves comparing diferent SAR images acquired
under varying conditions, such as diferent frequencies, polarizations, or temporal
intervals. By analyzing the changes in backscatter patterns, we can monitor land
surface changes, detect vegetation growth, assess deforestation, monitor agricultural
practices, track urban development, and even detect changes in the Earth’s surface
due to natural disasters or geological processes.

Crop growth monitoring and assessment are critical for efective agricultural
management and decision-making. Remote sensing technologies, such as synthetic
aperture radar (SAR), ofer valuable insights into crop development by analyzing
the backscattered radar signals.

To do crop growth monitoring we chose 5 samples from croplands where only
one crop type is cultivated shown in Fig.5. Time series of NDVI derived from
Sentinel-2 and SAR images VH polarization band of Sentinel-1 (Fig.6) were used
to get NDVI and backscatter values.
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Figure 6 — Samples of diferent croplands taken from Sentinel-1 image series to backscatter analysis
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Backscatter Signatures for Crop Growth Stages Diferent crop growth stages
exhibit specifc backscatter signatures due to changes in canopy structure, moisture
content, and biomass. During the early growth stages, crops have lower biomass
and less developed canopies, resulting in lower backscatter values. As the crops
progress towards maturity, canopy density increases, leading to higher backscatter
values.

To derive crop growth stages from backscatter analysis, a time series of SAR
images is required. These images should cover the entire crop growth cycle
to capture the changes in backscatter values at diferent stages. Preprocessing
techniques, including radiometric calibration, speckle fltering, and geometric
correction, are applied to the SAR data to enhance the accuracy of the analysis
(Abdikan et al., 2018).

While backscatter analysis provides valuable insights, it has certain limitations.
Factors like weather conditions, crop types, and feld variability can infuence
the backscatter response, leading to challenges in classifcation accuracy. Further
research is needed to refne classifcation algorithms, integrate multi-sensor data,
and develop crop-specifc models to improve the reliability and applicability of
backscatter analysis for deriving crop growth stages.

Backscatter analysis of SAR data ofers a non-destructive and efcient method
to derive crop growth stages. By analyzing the backscattered radar signals,
crop development can be monitored and assessed, enabling precise agricultural
management practices. With ongoing advancements in remote sensing technologies
and machine learning algorithms, backscatter analysis holds great potential for
enhancing crop monitoring and improving agricultural productivity.

Integrating NDVI and SAR backscatter analysis enhances the understanding
of crop growth stages. The combination of optical (NDVI) and radar (SAR) data
provides complementary information on vegetation characteristics. NDVI is
sensitive to chlorophyll content and leaf area, while SAR backscatter captures
structural and moisture-related variations. By fusing these datasets, it is possible
to overcome limitations posed by cloud cover, obtain more accurate and consistent
crop growth information, and improve crop monitoring and management.

While NDVI and SAR backscatter analysis ofer valuable insights into crop
growth stages, there are some challenges to consider. Factors such as soil moisture,
crop type, crop density, and phenological variations can infuence the interpretation
of NDVI and SAR backscatter data. Additionally, calibration and validation of the
data against ground-based measurements are essential to ensure accurate results.
Moreover, the availability and cost of acquiring SAR data may limit its widespread
use compared to optical data sources.

The results and analysis are shown in Results and Discussion sections.

Crop water requirement and irrigation water requirement. The crop coefcient
(Kc) is a dimensionless parameter used in agriculture and irrigation to estimate
the water requirements of a specifc crop at a given stage of its growth. It relates
the actual evapotranspiration (ETa) of the crop to the reference evapotranspiration

45



ISSN 2224-5278 1.2026

(ETo), which represents the water requirements of well-watered, uniformly growing
grass or reference crop.

The crop coefcient takes into account the unique characteristics and growth
stages of diferent crops, as well as the environmental conditions, to adjust the
reference evapotranspiration and estimate the actual water needs of the specifc
crop. It provides a multiplier or adjustment factor to determine the crop’s water
requirement relative to the reference crop.

The crop coefcient varies throughout the diferent growth stages of a crop,
refecting the changing water demands as the crop develops. It is typically highest
during periods of active growth and transpiration and lower during periods of
slower growth or dormancy.

Crop coefcients are often determined through empirical measurements or
research studies specifc to a particular crop and region. They can also be obtained
from published guidelines and databases developed by agricultural organizations,
research institutions, or governmental agencies.

The crop coefcient is used in the calculation of crop water requirements using
the following equation 1:

Crop water requirement (ET ) = K_x ET_ (D)

where ET_is the crop water requirement, K _is the crop coefcient, and ET_ is
the reference evapotranspiration.

By applying the appropriate crop coe¥cient to the reference evapotranspiration,
farmers and irrigation specialists can estimate the irrigation needs of a particular
crop during each growth stage. This information is valuable for efcient irrigation
scheduling, water management, and optimizing crop production while avoiding
water stress or over-irrigation.

It is important to note that crop coeFcients are specifc to particular crops, and
diferent crops may have diferent coefcients for each growth stage.

Additionally, local climatic conditions, soil properties, and management
practices can infuence the crop coefcient values. Therefore, it is recommended
to consult local agricultural experts, research institutions, or agricultural extension
services to obtain accurate and region-specifc crop coe¥cient values for precise
irrigation management.

Performance Evaluation and Demand Supply Analysis. Conducting a demand-
supply analysis in irrigation water management involves considering the unique
aspects of water availability, crop water requirements, and local water management
practices. Local water management authorities and agricultural experts can provide
specifc data and guidance for conducting a comprehensive analysis in your specifc
area of interest.

Performance evaluation involves assessing the efciency and efectiveness of
water use practices and systems.
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Assessing the available water supply sources for irrigation may include surface
water from rivers, reservoirs, or canals, as well as groundwater from wells or
other sources. Consider the quantity of water available from each source and
any limitations or constraints that may afect the supply, such as water rights,
infrastructure capacity, or environmental considerations. Due to the time limit we
were unable to include those sources.

Evaluation of the water demand for irrigation purposes considers factors such
as crop water requirements, evapotranspiration rates, irrigation e¥ciency, and
cropping patterns. Analyze the total water demand for the specifed area and identify
any variations in demand throughout the year based on crop cycles or seasonal
patterns. Equations 2 and 3 were used for demand supply analysis:

ETa

Demand =

)

Irrigation Efficiency

Demand -100

Demand — Supply Efficiency = Irrigation Supply ®)

Results and Discussion. The K-means algorithm is a widely used unsupervised
classifcation method with numerous applications in image analysis and pattern
recognition. While it has some limitations, such as sensitivity to initialization and
outliers, advancements and extensions have been proposed to overcome these
challenges. For this research we derived an output of 20 clusters and validated
using the feld data for dominant crop identifcation and Google Map as reference
to identify water bodies, barren lands and non-crop vegetation.

Accuracy Assessment using the merged samples from the feld data and Google
Map showed 0.89 overall accuracy.

Figure 7 shows the fnal LULC map used to crop water requirement and irrigation
water requirement estimation.

Land Use Land Cover Map

urban_area

== command_area
Il WATER BODY
"] NON CROP
[ BARREN
I GARDENS
I ALFALFA
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Figure 7 — LULC map of the dominant crops
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Actual Evapotranspiration map. Actual Evapotranspiration Map for our study
area was generated using Landsat 7 and 8 Thermal bands dataset for the chosen
period as for crop classifcation. Using the EEFlux (https://eefux-levell.appspot.
com) platform based on Google Earth Engine algorithm we derived 13 ETa and
ETrF maps. In the Fig. 8 and 9 ETa and ETrF monthly maps are shown.

A reference for general equations for EEFlux, based on those of METRIC
is available at: http://www.intechopen.com/books/evapotranspiration-remote
sensing-and-modeling/operational-remote-sensing-of-et-and-challenges which is
an Intech book chapter compiled by Dr. Ayse Kilic (Irmak) of the Univ. Nebraska-
Lincoln and associates at the University of Idaho and Desert Research Institute in
2012 (Allen et al., 2007).

ETrF is the “fraction of alfalfa reference ET” and is similar to the alfalfa
reference-based crop coe¥cient. ETrF generally should vary from 0 to 1.0 or 1.1.
ETrF is developed by EEFlux during the energy balance process. The standard
calibration (std. calib.) uses the built in automated calibration of EEFlux (which
will be revised and improved over time).

Standardized Penman-Monteith equation. ETrF is similar to the traditionally
used “crop coefcient” ETrF = ETact/ Etr.
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22 July 2022 23 August 2022 16 Septemper 2022
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!
H

Figure 8 — Monthly ETa maps
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Figure 9 — Monthly ETrF maps

Crop Growth stage of the dominant crops. Analyzing NDVI coeFcients in the
Telds of alfalfa Fig. 10 a) we can see 3 times of high values which means maximum
photosynthetic activity or mid season stage. So we can suppose in the command
area alfalfa has 3 cycles of growing during the irrigation season or 180 days, while
backscatter coe®cient behavior (Fig. 10d) is similar during all growth stages. We
can explain it because of the height of the crop and frequency of the C band of
Sentinel-1 has less penetration capacity. Graphs of NDVI and backscatter values
in the felds of corn (Fig.10c and f) show good diferentiation in all of the 4 growth
stages and matching the time periods. Beginning of April during the 30 days is
the initial stage, the next 50 days till mid of June is the crop development stage,
following 60 days until mid of August is the Middle season stage of the corn and
rest 40 days till end of September is the late season stage.

The analysis of the graph in the orchards (apples) (Fig.10b and e) felds need feld
validation, because NDVI can show us the minimum and maximum photosynthetic
activities, which makes it difcult to diferentiate phenological stages of apple
trees. The reason is that during the whole irrigation period trees have leaves and
without feld observation it is hard to predict the harvesting period according to
NDVI and backscatter values.
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Figure 10 — Graphs of NDV1 and backscatter coe¥cients in the chosen crop felds

Based on derived ETa maps interpolation could be done to estimate crop water
requirement (CWR). To do that we need to fnd two ETa values from the existing
close dated maps and taking the middle date as a center, give a value from the
nearest dated map to the dates where ETa maps are not available. Summarizing the
interpolated values during the month gives us Crop Water Requirement as shown
in the Table 1.

Table 1 — Crop Water Requirement estimated by ETa with the comparison of given table

Corn, mm/ha Alfalfa, mm/ha Garden, mm/ha
BAC 552.,6 822,4 736,8
ETa 310,25 351,06 317,10

Estimated values are less than the given table from the BAC which could mean
the command area needs less water for the irrigation.

Using water supply information for 2022 from the BAC we can estimate
irrigation water requirement (IWR) according to the farmers irrigated area and ratio
between actual supplied water and IWR shows us the water demand supply. Ideally
90-100% shows the rational water supply, below 50% - over supply more than 50%
- oversupply or water defcit.

Table 2 gives information about the crop felds which we took as samples. This
estimation was done for 99 out of 163 irrigated lands, because 99 farmers cultivate
only a single type of crop among the dominant classes.

Table 2 — Information according the samples derived by ETa Maps and the BAC data

Corn Alfalfa 1 Alfalfa 2 Garden 1 Garden 2
Planned, m? 142336 62303 37382 3538873 524691
Actual supplied, m® | 288307 67382 49842 4424720 254636
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IWR, m? 79913 26595 15957 1523041 225814
Water demand, % | 27,72 39,47 32,02 34,42 88,68
Crop land ID 400049 303102 301930 4294 24070
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Figure 11 — Demand Supply Analysis for all the croplands
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Fig.12 and Fig.13 represent the demand supply analysis of the command area
for alfalfa and for the corn Felds respectively estimated using CWR derived by ETa
and tabled BAC data. It is observed that by ETa water distribution in the study area
is more than is required for crop irrigation compared by BAC values, which shows
a more balanced and rational distribution.
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Figure 12 — Demand Supply Analysis for alfalfa felds by ETa and BAC

o1



ISSN 2224-5278 1.2026

Percentage, %

Deficit Supply
0
B Ratio corn by ETa,% [l Ratio com by BAC, %
100 — Ra!ionaTSuppw
W
Over Supply
75 -
50 -+
25 L
0

8 g g g & %
8§ § B f & & 8

1D numbers of crop lands

Figure 13 — Water Demand Supply for corn felds by ETa and BAC

In Fig.14 and Tables 3 and 4 we can see the diference between crop coefcient
(Kc) values given by FAO and estimated using ETrF maps.
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Figure 14 — Crop Coefcient Graph
Table 3 — Kc of Corn
Corn (180 days) |30 50 60 40
Growth stage Initial Crop development Mid.season Late season
FAO 0.4 0.8 1.15 0.7
ETrF 0.345 0.458 0.83 0.458

Table 4 — Kc of Alfalfa

Alfalfa
FAO 0.95
ETrF 0.6
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With the derived results we can assume that FAO based coe¥cients are not
suitable for the command area and should be validated with the feld observations
based methods. This diference might be due to FAO uses universal approaches to
estimate coeFcients. Additionally long period analysis with the same methodology
recommended, which might show the time series changes during the years. Water
loss might happen due to the irrigation method, condition of the canal canal
infrastructure for water supply, farmers expertise and experience in water planning
estimation.

Conclusion. Aimed objectives are done and parameters for irrigation water
management were estimated using Remote sensing inputs. Water Requirement
derived from ETa is less than tabled water requirement method used by BAC (FAO
method). Demand supply analysis shows over supply of water. Crop coefcients
derived from ETrF are less than FAO K .

Backscatter analysis shows correlation with NDVI to analyze crops at diferent
growth stages. In conclusion, combining NDVI and SAR backscatter analysis
enables a comprehensive understanding of crop growth stages by leveraging the
strengths of both techniques. Integrating these data sources can improve crop
monitoring, yield estimation, and precision agriculture practices, ultimately
enhancing decision-making in agricultural management.

Recommendations. Using ML for crop classifcation and more samples in
training dataset. Same analysis is suggested to do for a 5-10 years period to fnd
out coefcient crop water requirement and irrigation water requirement. Crop
coefcient as well could be estimated and updated. Using TomoSAR techniques to
estimate biomass and yield in corn irrigated lands. This might give a view of the
relation and understanding between oversupplied and water defcit periods.
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